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1 Introduction
Since the onset of the Covid-19 pandemic, working from home has become extremely
salient. In many places around the world, with lockdowns and social distancing mea-
sures in place, telework is often the only way for non-essential workers to contribute to
firm output. Some of these shifts are likely to persist into the long-run. While working
from home has been part of a normal workday for nearly a quarter of the American
workforce (Dingel and Neiman 2020), this represents a break from typical work ar-
rangements for many. It is crucial to know which occupations and industries allow for
working from home to calibrate macroeconomic models on the economic impacts of the
pandemic and to design policies concerning how to open up the economy. Moreover,
policymakers need to target emergency schemes to save jobs and firms; in many cases,
hardship will be related to how much of their activities can be shifted to the home
office.
Before the pandemic, working from home received relatively little attention and
therefore we lack the necessary data with which to provide this information.1 Most
existing measures approximate the share of tasks that can be done from home using
the O*Net data (see, e.g., Boeri, Caiumi and Paccagnella 2020; Dingel and Neiman
2020; Mongey, Pilossoph and Weinberg 2020).2 These measures treat the share of tasks
that can be done from home as constant within an occupation. They are therefore un-
able to capture any within-occupation heterogeneity in the feasibility of working from
home across firms and workers. Worker-level surveys prior to the pandemic documented
whether individuals worked from home (Mas and Pallais 2020).3 The relationship be-
tween this measure and the fraction of tasks that can feasibly done from home is com-
1Earlier work studying the impact of working from home on productivity includes Oettinger (2011)
and Bloom et al. (2015).
2The measures have then been used to compute the share of work that can be done from home across
regions in the US (Dingel and Neiman 2020), Italy (Boeri, Caiumi and Paccagnella 2020), and has
been extended to include 57 countries by Gottlieb, Grobovšek and Poschke (2020). Mongey, Pilossoph
and Weinberg (2020) correlate individual characteristics with the share of work that can be done from
home based on the O*Net classification in the US. In a similar approach, Baker (2020) combines the
O*Net data with data from 2018 from the Bureau of Labor Statistics to see who cannot work from
home. Using the American Time Use Survey Hensvik, Le Barbanchon and Rathelot (2020) look at
what fraction of hours worked had been done from home between 2011 and 2018. Brynjolfsson et al.
(2020) document the regional shifts to working from home across the US using the Google Consumer
Survey.
3For example, in the General Social Survey, respondents are asked “How often do you work from
home as part of your job?”. The Survey of Income and Program Participation asks: “As part of the
work schedule for [a typical week last month], were there any days when you only worked from home
for [your main job]?”.
2
plicated by the influence of (pre-pandemic) worker preferences and the cost to firms of
offering different work arrangements.
To provide information on the share of tasks workers can feasibly do from home, we
collected new data from over 16,000 workers in the US and UK. We find that the mean
share of tasks that can be performed from home are consistent across countries (the US
and the UK) and, within countries, they are consistent across two survey waves which
took place towards the end of March and the beginning of April, respectively. Remark-
ably, we find that there is substantial variation within occupations and industries in
terms of the share of tasks that can be done from home. Importantly, this variation is
not random as again it correlates highly across countries and independent survey waves.
While our mean shares correlate highly with existing measures, we find that occupa-
tions can explain only 19% of the variation in the share of tasks that can be done from
home as reported by individuals. One concern might be that this limited explanatory
power comes from measurement error. We provide evidence from four independent sur-
veys done in two countries at two points in time that show that this variation is instead
systematic. Moreover, Adams-Prassl et al. (2020a) find that this self-reported share of
tasks one can do from home is the best predictor of not having lost one’s job and indi-
vidual hours worked from home in the US, the UK, and Germany. They find that the
share of tasks that can be done from home remains a highly significant predictor even
once one controls for detailed individual and job characteristics, including occupation
and industry fixed effects.
For some occupations, for instance ‘Architecture and Engineering’, it appears that
a normal distribution is a reasonable approximation of the distribution of the share
of tasks that can be done from home since many respondents can do an intermediate
share of tasks from home. However, for other occupations, for instance ‘Office and
Administrative Support’, the distribution is polarized as many workers within that
occupation can either do very few or almost all tasks from home. We find that we have
no occupations in which the mean or the median indicate that zero or all tasks can
be done from home. This stands in contrast with the existing measures, according to
which up to almost half of all occupations are characterized by zero possibility of work
being done from home. We provide a toolkit for each occupation and industry of the
mean, standard deviation, the median, the shares of respondents that can do all or zero
tasks from home. Moreover, when the sample sizes permit, we also provide these highly
consistent measures for 131 occupation-industry pairs.
3
2 Data
To provide evidence on the share of tasks that can be done from home across industries
and occupations, we exploit two independent waves of survey data that we collected
in late March and early April from the US and the UK.4 Respondents to our surveys
are resident in the US or the UK, aged 18 years or older, and must have been engaged
in paid work at any point during the 12 months prior to data collection. In each
country, no individual was surveyed twice, and in each wave we sampled around 4, 000
individuals, for a total sample size of 16, 908 respondents. We use quota-based sampling
to ensure geographical representativeness in terms of area codes in the US and regions
in the UK.5 Appendix Table A.3 reports information on the background characteristics
of respondents in our samples, separately for each survey wave, and compares it to the
characteristics of representative samples of the working population in the US and the
UK. The latter are taken from the February 2020 monthly CPS data for the US and the
2019 Labour Force Survey data for the UK. Compared to the nationally representative
data, our geographically representative samples for both the US and the UK include
somewhat younger individuals, and a larger share of women and workers with a college
degree.
In all countries and survey waves, we collect information on the occupation of the
respondents’ main job if they report being employed or self-employed at the time of data
collection, or their last job if they report being out of work. Occupations are classified
according to the Standard Occupations Classification 2018 major groups. In the early
April survey wave, we additionally ask for the industry the respondents work (used to
work) in for their main (last) job, and follow the Standard Industry Classification to
construct the industry groupings. Importantly, we also ask respondents to report the
share of their tasks they can (could) do from home in their main (last) job. We record
answers to this question on a continuous scale ranging from 0 to 100%. Aggregating
these individual responses allows us to construct detailed measures on the shares of
tasks that can be done from home. We also collect background characteristics of the
respondents, including age, gender and educational attainment. Finally, in the second
wave of data collection, we ask all individuals to report their net monthly earnings from
4The first and second waves of data were collected by a professional survey company on March
24-26, 2020 and April 9-14, 2020 respectively.
5For a comparison of the distribution of our respondents across the relevant geographic areas to the
national distribution of the population aged 18 or above in the two countries of interest, see Appendix
Tables A.1 and A.2.
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all sources for the months of January, February and March. Throughout, we restrict
the sample to respondents who are either still in work at the time of data collection or
report having lost their job less than a month before the survey took place and attribute
their job loss to the coronavirus outbreak.
3 Working from home
As has been documented in the literature, there is a considerable variation in the share
of tasks that can be done from home across occupations. In our samples, workers in
the US (UK) on average report to be able to do 45% (43%) of their tasks from home,
accounting for 52% (48%) of total individual labor income, respectively.
In Figure 1 we plot the cumulative distribution function for the share of tasks
individuals can do from home in the US (blue solid line) and the UK (red dashed line).
We see that there are spikes at zero and 100%, but also that there are many workers
that report being able to do shares of their tasks from home that are strictly between
zero and 100%. We also see that the distributions in the US and UK track each other
closely.
In Table 1 we show that the mean share of tasks that can be done from home
varies from 17% for ‘Food Preparation and Serving’ to 64% for ‘Business and Finan-
cial Operations’. For industries, we see in Table 1 that the mean ranges from 19% for
‘Accommodation and Food Service Activities’ to 72% for ‘Information and Commu-
nication’. However, it also becomes clear that the standard deviations are not small,
hinting towards considerable variation within occupations and industries. For instance,
if we instead look at the median within occupations, we find that it ranges from 1% for
‘Food Preparation and Serving’ to 73% for ‘Arts, Design, Entertainment, Sports, and
Media’.6
Next we investigate whether the shares of tasks that can be done from home are
similar within occupations and industry between the US and UK. In order to do so,
in Figure 2 we plot a bubble proportional to the number of observations for each
occupation (left) and industry (right). On the x-axis we report the mean share in
the US and on the y-axis we report the corresponding figure for the UK. We find
that the means across occupations and industries exhibit a correlation of 0.96 and 0.93
across countries. In Appendix Figure B.1 we also plot the cross-wave, within-country
6In Appendix Tables B.1 and B.2 we present the measures separately by country.
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Figure 1: Distribution of tasks that can be done from home
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correlations and find that they are 0.94 in the US and 0.97 in the UK.7
An alternative to using the mean is the median. In Figure 3 we show that for the
median the same relationship holds across countries, and in Appendix Figure B.2 we
show that it holds across waves. In Appendix Figure B.3 we compare our mean and
median measures of the share of tasks that can be done from home to the physical
proximity indicator computed using the O*NET. Similar to Mongey, Pilossoph and
Weinberg (2020), we find a strong negative correlation between the share of tasks that
can be done from home and the physical proximity indicator. This could play a partic-
ular role in the transmission of airborne viral diseases given that Adams-Prassl et al.
(2020b) document that the share of workers with sick pay tends to be lower amongst
workers in occupations that are done at high physical proximity.
In Appendix Figures B.4 and B.5 we show that our mean and median measures
correlate between 0.87 and 0.88 with the measures provided by Dingel and Neiman
(2020). However, there are at least three notable differences between our measure and
Dingel and Neiman (2020)’s. First, we have fewer measures close to 0% and 100%,
7Unfortunately, we have information on the industry only for the second survey wave.
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Table 1: Measures of working from home by occupation
Occupation Mean SD Median Ones Zeros
Management 59.9 31.09 65 .11 .05
Business and Financial Operations 64.13 28.65 69 .13 .04
Computer and Mathematical 67.33 27.13 71 .16 .01
Architecture and Engineering 54.39 26.3 54 .06 .03
Life, Physical, and Social Science 47.06 32.49 50 .06 .12
Community and Social Service 49.75 35.4 52.5 .09 .15
Legal 55.61 30.98 54 .06 .07
Educational Instruction and Library 37.52 33.17 30 .07 .13
Arts, Design, Entertainment, Sports, and Media 62.39 35.68 73 .24 .09
Healthcare Practitioners and Technical occ. 27.83 32.31 10 .03 .31
Healthcare Support 30.06 35.34 9 .07 .32
Protective Service 24.87 31.6 5 .03 .38
Food Preparation and Serving 16.61 27.91 1 .02 .48
Building and Grounds Cleaning and Maintenance 27.53 34.3 5 .06 .31
Personal Care and Service 32.1 38.93 6 .13 .38
Sales and Related Occupations 37.67 39.09 20.5 .12 .29
Office and Administrative Support 54.87 37.25 61 .15 .13
Farming, Fishing, and Forestry 36.41 38.91 19 .15 .24
Construction and Extraction 32.72 34.22 19 .04 .23
Installation, Maintenance, and Repair 28.68 31.48 15.5 .03 .23
Production 28.71 35.25 5 .06 .39
Transportation and Material Moving 21.31 30.66 1 .02 .45
Military Specific Occupations 36.33 29.25 34.5 .05 .1
Notes: Mean, standard deviation, and median are computed using a scale from 0-100, i.e. percentages. ‘Ones’ are the
share of respondents reporting 100%, while ‘Zeros’ are the share of respondents reporting 0%.
i.e. our spread is smaller. Second, we can also construct a measure for the share of
tasks that can be done from home for industries. The third difference is that we have
information about the distribution within occupations, which we will turn to in the
next section.
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Table 2: Measures of working from home by industry
Industry Mean SD Median Ones Zeros
Agriculture Forestry and Fishing 50.08 36.28 52.5 .12 .13
Mining and Quarrying 52.16 24.05 53 .03 .04
Manufacturing 45.74 34.3 50 .07 .17
Electricity, Gas, Steam etc. 53.45 28.29 52 .11 .07
Water Supply etc. 53.55 23.23 53 .02 .04
Construction 45.21 33.97 49 .06 .12
Wholesale and Retail Trade 34.28 35.64 22 .05 .31
Transportation and Storage 37.43 37.47 28 .05 .3
Accommodation and Food Service Activities 18.64 28.51 1 .03 .43
Information and Communication 71.89 25.31 78 .16 .01
Finacial and Insurance Activities 67.82 30.37 76 .18 .05
Real Estate Activities 57.23 31.72 60 .09 .08
Professional Activities 60.88 33.29 67 .14 .06
Administrative and Support Services 54.58 34.97 56 .15 .07
Public Administration and Defence 51.78 35.06 56 .07 .16
Education 39.16 34.76 30 .07 .16
Human Health and Social Work 30.89 34.09 14 .05 .29
Arts, Entertainment and Recreation 52.08 39.21 57 .22 .18
Other Service Activities 35.63 39.91 12 .15 .29
Activities of Households as Employers 35.61 32.66 41 .02 .31
Extraterritorial Organisations 58.55 24.94 60 .09 0
Other 39.01 39.37 28 .12 .29
Notes: Mean, standard deviation, and median are computed using a scale from 0-100, i.e. percentages. ‘Ones’ are
the share of respondents reporting 100%, while ‘Zeros’ are the share of respondents reporting 0%.
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Figure 2: Mean tasks that can be done from home in the US and the UK by occupation
(left) and industry (right)
Correlation .96
0
20
40
60
80
100
M
ea
n 
UK
0 20 40 60 80 100
Mean US
Occupation
Correlation .93
0
20
40
60
80
100
M
ea
n 
UK
0 20 40 60 80 100
Mean US
Industry
Notes: Each bubble is proportional to the number of observations and represents one occupation (left)
or industry (right). The sample includes both the US and UK data.
9
Figure 3: Median tasks that can be done from home in the US and the UK by occupation
(left) and industry (right)
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Notes: Each bubble is proportional to the number of observations and represents one occupation (left)
or industry (right).
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3.1 Dispersion measures
So far the literature has assumed that everybody within an occupation has the same
capability of working from home. We find that amongst occupations the standard
deviation ranges from 26% for ‘Architecture and Engineering’ to 39% for ‘Personal
Care and Service’, while for industries it ranges from 23% for ‘Water Supply etc.’ to
40% for ‘Other Service Activities’.
In Figure 4 we plot histograms of the share of tasks that can be done from home for
four occupations within the US (blue bars) and the UK (transparent black bars). In the
top left panel, we see an example of an occupation, ‘Food Preparation and Serving’, for
which many respondents can do very few tasks from home. Moreover, the distributions
in the US and the UK are virtually identical.8 In the top right panel, i.e. working in
‘Computer and Mathematical’ occupations, in contrast, allows many respondents to do
a large fraction of their tasks from home. However, we also see that a lot of workers
can do an intermediate share of their tasks from home.
The occupations in the bottom two panels of Figure 4 have very similar mean shares
of tasks that can be done from home. For ‘Architecture and Engineering’ it is 54% and
for ‘Office and Administrative Support’ it is 55% when looking at the entire sample.
For those working in ‘Architecture and Engineering’, displayed on the bottom left, the
distribution seems close to a normal distribution. In contrast, the bottom right panel
displays a polarized bi-modal distribution for workers in ‘Office and Administrative
Support’. Many workers can do close to 0 or 100% of their tasks from home. In
Appendix Figure B.6 we show the distributions of the remaining occupations. The
fact that for each occupation the distributions overlap closely across countries provides
further evidence that the deviations from the mode could be meaningful.
In Figure 5 we plot the standard deviation for the share of tasks that can be done
from home within occupation (left) and industry (right) in the US (x-axis) and UK (y-
axis). We find that the correlation between standard deviations within occupations and
industries across countries is 0.84 and 0.90, respectively. To address the concern about
a mechanic relationship between mean and standard deviation, in Appendix Figure B.7
we plot the coefficient of variation, i.e. the standard deviation deflated by the mean, and
find an even larger positive correlation between the US and UK of 0.94 for occupations
and 0.92 for industries. This strengthens the claim that variation of shares that can
be done from home within occupations and industries is systematic. Moreover, in
8The correlation between the shares in the bins between the US and the UK is 0.9948.
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Figure 4: Distribution of share tasks that can be done from home within occupations
0
.1
.2
.3
.4
.5
0 1-9 10-19 30-39 50-59 70-79 90-99 100
Food Preparation and Serving
0
.05
.1
.15
0 1-9 10-19 30-39 50-59 70-79 90-99 100
Computer and Mathematical
0
.05
.1
.15
.2
0 1-9 10-19 30-39 50-59 70-79 90-99 100
Architecture and Engineering
0
.05
.1
.15
.2
0 1-9 10-19 30-39 50-59 70-79 90-99 100
Office and Administrative Support
US UK
Notes: The light blue bars display the share of responses by bin for the US and the black transparent
bars for the UK.
Appendix Figures B.8 and B.9 we show that these relationships hold within countries
across survey waves for both the standard deviation and the coefficient of variation,
respectively.
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Figure 5: Standard deviation of tasks that can be done from home in the US and the
UK by occupation (left) and industry (right)
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Notes: Each bubble is proportional to the number of observations and represents one occupation (left)
or industry (right). The sample includes both the US and UK data.
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3.2 All or nothing
Within every single occupation, we find some workers that are able to do all or none of
their tasks from home. Amongst occupations, the share of those that can do all tasks
from home ranges from 2% for ‘Transportation and Material Moving’ to 24% for ‘Arts,
Design, Entertainment, Sports, and Media’ and within industries it ranges from 2% for
‘Activities of Household as Employers’ to 22% for ‘Arts, Entertainment and Recreation’.
For those that can do zero tasks from home it ranges from 1% for ‘Computer and
Mathematical’ to 48% for ‘Food Preparation and Serving’ amongst occupations, and
from 0% for ‘Extraterritorial Organizations’ and ‘Information and Communication’ to
43% for ‘Accommodation and Food Service Activities’ amongst industries.
In order to investigate whether there is a systematic relationship for these shares
we again compare the shares across countries and waves. In Figure 6, we see that
the correlation between countries for those that can do all tasks from home is 0.84
across occupations and 0.86 across industries. Similarly, for those that can do no tasks
from home, we see in Figure 7 that the correlations are 0.94 and 0.89. In Appendix
Figures B.10 and B.11 it becomes clear that the corresponding correlations across waves
within countries are even higher.
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Figure 6: Share of people that can do all tasks from home in the US and the UK by
occupation (left) and industry (right)
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Notes: Each bubble is proportional to the number of observations and represents one occupation (left)
or industry (right). The sample includes both the US and UK data.
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Figure 7: Share of people that cannot do any tasks from home in the US and the UK
by occupation (left) and industry (right)
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Notes: Each bubble is proportional to the number of observations and represents one occupation (left)
or industry (right). The sample includes both the US and UK data.
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3.3 Occupation-industry pairs
Finally, we look at the share of tasks that can be done from home by occupation within
industries, i.e. we cross-tabulate occupation and industry. We keep all cells with at
least ten observations, which leaves us with 131 occupation-industry pairs. Across the
occupation-industry pairs, the share of tasks that can be done from home varies from 2%
for occupation ‘Building and Grounds Cleaning and Maintenance’ in industry ‘Other’
to 83% for occupation ‘Business and Financial Operations’ in industry ‘Transportation
and Storage’.
In Figure 8 we plot the mean, median, standard deviation, coefficient of variation,
share of respondent with 100%, and share of respondent with 0% for the occupation-
industry pairs in the US (x-axis) and the UK (y-axis). Astonishingly, the correlations
close to 0.90 for the mean, median, coefficient of variation, and share of respondents
with 0%. Therefore, our data cannot only be used to proxy the share of tasks that can
be done from home by occupation and industry, but also by occupation-industry pairs.
4 Who can work from home
In Figure 9 we see how the share of tasks that can be done from home are spread across
the income distribution. On the x-axis we show average net labor income in January
and February and on the y-axis the average percentage of tasks that can be done from
home. The relationship seems to be U-shaped, with workers with low income being
able to do a fairly large share of their tasks from home, while those with high incomes
are able to do an even larger share from home.
Finally, we regress the share of tasks that can be done from home on job and
individual characteristics. In column (1) of Table 3 we see that region fixed effects,
which are states in the US and regions in the UK, account for only 2% of the variation
in the share of tasks that can be done from home. In column (2), we see that occupation
fixed effects explain 19% of the variation and in column (3) that industry fixed effects
account for 14%. Together these three sets of fixed effects produce an R-squared of 25%,
as can be seen in column (4). Finally, in column (5) we regress the share of tasks that
can be done from home on individual characteristics only. The share is increasing in
age, 5 percentage points lower for women, and 19 percentage points higher for university
graduates. However, in column (6) we see that once we add region, occupation, and
industry fixed effects the age coefficient is muted, the coefficient for the female dummy
17
Figure 8: Measures of tasks from home in the US and the UK by occupation-industry
pairs
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Notes: Each bubble is proportional to the number of observations and represents one occupation-
industry pair.
drops to -3 percentage points, and the coefficient for university graduates is halved.
Together all these variables explain 27% of the variation in the share of tasks that can
be done from home.
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Figure 9: Tasks that can be done from home by labor income
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Notes: Mean earnings refer to the net average labor income in January and February. We limit
respondents to those with positive income of less than 20,000 in each respective currency and then bin
respondents into income deciles.
Table 3: Tasks from home
(1) (2) (3) (4) (5) (6)
Age -0.0012∗∗∗ -0.0005
(0.0002) (0.0003)
Female -0.0546∗∗∗ -0.0255∗∗∗
(0.0064) (0.0087)
University degree 0.1859∗∗∗ 0.0929∗∗∗
(0.0064) (0.0087)
Constant 0.4008∗∗∗ 0.5990∗∗∗ 0.5001∗∗∗ 0.5564∗∗∗ 0.4327∗∗∗ 0.5434∗∗∗
(0.0448) (0.0091) (0.0340) (0.0672) (0.0112) (0.0680)
Observations 12399 12399 6543 6543 12399 6543
R2 0.0227 0.1881 0.1361 0.2549 0.0734 0.2693
Region F.E. yes no no yes no yes
Occupation F.E. no yes no yes no yes
Industry F.E. no no yes yes no yes
Notes: OLS regressions.
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5 Conclusion
In this paper, we exploit new survey data from the US and the UK to document
differences in the extent to which workers can perform their tasks from home across
occupations and industries. We show that workers’ ability to work from home varies
considerably both across, and within, occupations and industries. Relatedly, we find
large differences across occupations and industries in the share of workers that can
perform all or none of their tasks from home. The differences that we find in the share
of tasks that can be performed from home are systematic, as they correlate highly both
across countries and survey waves. Even within occupation-industry pairs, our measure
of ability to work from home strongly correlates across countries.
The mean shares of tasks respondents to our survey report being able to perform
from home across occupations and industry correlate highly with existing measures of
ability to shift to home office. However, the evidence presented in this paper highlights
the importance of taking variation within industries and occupations into account. We
provide the first and second moments, the median, the shares of respondents that can
do all or zero tasks from home by occupation and industry (and occupation-industry
pairs where sample sizes allow). The importance of being able to work from home as
a protector during the Covid-19 pandemic from job loss, above and beyond occupation
and industry, has been highlighted by Adams-Prassl et al. (2020a). Therefore, we
argue that our measures can serve as informative inputs into macroeconomic models
accounting for the ability to work from home, a feature which has become particularly
important when studying the impact of the Covid-19 pandemic. Moreover, the measures
are informative for policymakers designing policies that will guide countries through the
process of reopening.
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A Online Appendix A: Data Description
Table A.1: Distribution of respondents across area codes - US
Region National Late March Early April
Area code 0 7.40 7.39 7.40
Area code 1 10.33 10.32 10.32
Area code 2 10.04 10.04 10.05
Area code 3 14.41 14.41 14.40
Area code 4 10.02 10.02 10.03
Area code 5 5.25 5.25 5.25
Area code 6 7.17 7.17 7.18
Area code 7 11.94 11.94 11.95
Area code 8 7.13 7.12 7.13
Area code 9 16.30 16.34 16.30
Observations 4003 4000
Notes: National figures refer to the latest available estimates for the popu-
lation of residents aged 18 or above and come from the United States Cen-
sus Bureau. Data source: U.S. Census Bureau, Population Division (2019).
Table A.2: Distribution of respondents across regions - UK
Region National Late March Early April
Scotland 8.42 8.48 8.54
Northern Ireland 2.76 2.57 2.80
Wales 4.79 4.83 4.87
North East 4.06 4.08 4.12
North West 11.00 11.02 11.11
Yorkshire and the Humber 8.24 8.28 8.34
West Midlands 8.80 8.86 8.92
East Midlands 7.27 7.32 7.38
South West 8.59 8.63 8.70
South East 13.70 13.79 13.87
East of England 9.29 8.91 8.03
Greater London 13.15 13.24 13.32
Observations 3974 4931
Notes: National figures refer to the latest available estimates for the population of residents
aged 18 or above and come from the Office for National Statistics. Data source: Office for
National Statistics (2019).
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Table A.3: Demographic Variables in the Population & Surveys
US UK
CPS March April LFS March April
Female 0.472 0.621 0.581 0.47 0.532 0.552
University 0.395 0.440 0.494 0.357 0.422 0.488
<30 0.231 0.322 0.255 0.232 0.295 0.281
30-39 0.224 0.262 0.264 0.230 0.272 0.333
40-49 0.203 0.179 0.215 0.217 0.203 0.238
50-59 0.198 0.130 0.136 0.217 0.151 0.114
60+ 0.144 0.107 0.130 0.104 0.079 0.033
Notes: The table shows the mean demographic characteristics of economically active
individuals in each respective country. These were calculated using the frequency
weights provides in the CPS for the US and the LFS for the UK. The unweighted
averages of these demographic variables in our survey waves are also reported.
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B Online Appendix B: Additional Tables and Fig-
ures
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Table B.1: Summary statistics for working from home by occupation
US UK
Occupation Mean SD Median Ones Zeros Mean SD Median Ones Zeros
Management 62.21 31.18 70 .13 .04 57.81 30.88 62 .08 .06
Business and Financial Operations 65.94 29.93 71 .17 .05 62.46 27.33 64.5 .1 .03
Computer and Mathematical 67.6 27.34 71.5 .16 .02 67.05 26.93 71 .16 .01
Architecture and Engineering 54.02 26.92 51 .07 .02 54.64 25.94 54.5 .06 .04
Life, Physical, and Social Science 47.92 33.81 51 .1 .15 46.25 31.27 49 .03 .09
Community and Social Service 56.39 34.69 61 .13 .11 44.11 35.11 47 .06 .19
Legal 58.31 31.75 62 .08 .06 53.05 30.14 51 .04 .07
Educational Instruction and Library 43.68 34.92 41 .1 .11 32.33 30.7 23 .05 .15
Arts, Design, Entertainment, Sports, and Media 63.95 35.46 72.5 .27 .1 60.71 35.92 73.5 .2 .09
Healthcare Practitioners and Technical occ. 28.32 33.74 9 .04 .32 27.27 30.68 12 .02 .3
Healthcare Support 32.28 38.2 5 .09 .32 27.93 32.28 10.5 .04 .31
Protective Service 29.07 34.73 10 .04 .33 21.82 29.03 3.5 .02 .42
Food Preparation and Serving 16.25 28.54 1 .03 .49 16.94 27.35 1 .02 .47
Building and Grounds Cleaning and Maintenance 32.04 38.15 9 .09 .33 24.2 30.9 5 .03 .3
Personal Care and Service 37.84 41.14 18 .18 .32 21.4 31.89 1 .06 .49
Sales and Related Occupations 43.28 40.76 40 .17 .25 32 36.5 10 .07 .34
Office and Administrative Support 58.01 37.79 70 .19 .1 53.25 36.88 56 .13 .15
Farming, Fishing, and Forestry 47.25 39.61 42 .21 .15 18.47 30.61 3.5 .06 .38
Construction and Extraction 37.47 34.71 28.5 .04 .17 28.58 33.34 9 .04 .28
Installation, Maintenance, and Repair 29.57 32.4 15.5 .03 .23 27.89 30.77 13.5 .03 .22
Production 33.9 38.1 11 .08 .34 25.51 33.02 4 .04 .41
Transportation and Material Moving 21.55 31.29 1 .01 .46 21.17 30.35 1 .02 .45
Military Specific Occupations 43.33 30.53 50 .1 0 29.33 26.81 33 0 .19
Notes: Mean, standard deviation, and median are computed using a scale from 0-100, i.e. percentages. ‘Ones’ are the share of respondents
reporting 100%, while ‘Zeros’ are the share of respondents reporting 0%.
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Table B.2: Summary statistics for working from home by industry
US UK
Industry Mean SD Median Ones Zeros Mean SD Median Ones Zeros
Agriculture Forestry and Fishing 58.81 36.25 63 .15 .08 38.09 33.11 40 .07 .19
Mining and Quarrying 50.66 29.02 61 .03 .07 53.13 20.52 53 .02 .02
Manufacturing 46.87 35.78 51 .1 .18 44.98 33.32 50 .05 .17
Electricity, Gas, Steam etc. 58.45 25.77 52 .13 .04 50.71 29.35 51 .09 .08
Water Supply etc. 53.24 24.73 52 .03 .03 53.72 22.57 54 .01 .04
Construction 44.84 33.56 49 .06 .1 45.47 34.34 49 .05 .14
Wholesale and Retail Trade 35.49 37.28 23 .09 .29 33.56 34.68 22 .03 .31
Transportation and Storage 41.78 38.79 38 .08 .29 35.04 36.64 20 .04 .3
Accommodation and Food Service Activities 16.54 27.83 1 .03 .48 20.57 29.06 2.5 .02 .39
Information and Communication 74.4 25.58 82 .18 0 69.54 24.88 74 .14 .01
Finacial and Insurance Activities 70.88 29.5 81 .18 .04 65.23 30.92 70 .17 .05
Real Estate Activities 59.51 33.03 66 .13 .04 54.05 29.93 54 .03 .13
Professional Activities 60.63 34.85 70 .15 .08 61.17 31.46 65 .11 .03
Administrative and Support Services 52.7 36.67 53 .19 .1 55.85 33.84 57 .12 .05
Public Administration and Defence 58.36 35.71 65 .07 .14 50.34 34.89 52.5 .07 .16
Education 45.85 36.25 46.5 .1 .13 34.39 32.88 25 .05 .17
Human Health and Social Work 32.11 36.25 10 .08 .29 30.05 32.54 16 .04 .28
Arts, Entertainment and Recreation 53.55 38.97 57 .23 .18 50.56 39.6 55.5 .2 .19
Other Service Activities 36.5 41.75 10 .19 .33 34.51 37.51 15 .1 .25
Activities of Households as Employers 25.63 34.26 2 .04 .48 46.83 27.25 50 0 .13
Extraterritorial Organisations 53.6 20.8 57 0 0 62.67 29.2 61.5 .17 0
Other 42.06 40.14 31.5 .16 .26 35.62 38.27 19 .08 .33
Notes: Mean, standard deviation, and median are computed using a scale from 0-100, i.e. percentages. ‘Ones’ are the share of respondents
reporting 100%, while ‘Zeros’ are the share of respondents reporting 0%.
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Figure B.1: Mean of tasks that can be done from home by occupation within countries
across survey waves
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Notes: Each bubble is proportional to the number of observations and represents one occupation in
the US (left) and the (UK). The x-axis displays the mean in the first survey wave end of March and
the y-axis in the second survey wave beginning of April.
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Figure B.2: Median of tasks that can be done from home by occupation within countries
across survey waves
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Notes: Each bubble is proportional to the number of observations and represents one occupation in
the US (left) and the (UK). The x-axis displays the mean in the first survey wave end of March and
the y-axis in the second survey wave beginning of April.
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Figure B.3: Share of tasks that can be done from home compared to physical proximity
indicator by occupation
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Notes: Each circle represents one occupation. The mean and median are computed using the joint US
and UK sample. The physical proximity indicator is computed using the O*NET.
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Figure B.4: Comparison between the mean and the measures by Dingel and Neiman
(2020)
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Notes: Each dot represents one occupation. The dotted line represents the 45 degree line.
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Figure B.5: Comparison between the median and the measures by Dingel and Neiman
(2020)
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Notes: Each dot represents one occupation. The dotted line represents the 45 degree line.
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Figure B.6: Distribution of share tasks that can be done from home within occupations
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Figure B.7: Coefficient of variation of tasks that can be done from home in the US and
the UK by occupation (left) and industry (right)
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Notes: Each bubble is proportional to the number of observations and represents one occupation (left)
or industry (right). The sample includes both the US and UK data.
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Figure B.8: Standard deviation of tasks that can be done from home by occupation
within countries across survey waves
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Notes: Each bubble is proportional to the number of observations and represents one occupation in
the US (left) and the (UK). The x-axis displays the mean in the first survey wave end of March and
the y-axis in the second survey wave beginning of April.
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Figure B.9: Coefficient of variation of tasks that can be done from home by occupation
within countries across survey waves
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Notes: Each bubble is proportional to the number of observations and represents one occupation in
the US (left) and the (UK). The x-axis displays the mean in the first survey wave end of March and
the y-axis in the second survey wave beginning of April.
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Figure B.10: Share of workers that can do all tasks from home by occupation within
countries across survey waves
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Notes: Each bubble is proportional to the number of observations and represents one occupation in
the US (left) and the (UK). The x-axis displays the mean in the first survey wave end of March and
the y-axis in the second survey wave beginning of April.
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Figure B.11: Share of workers that can do no tasks from home by occupation the within
countries across survey waves
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Notes: Each bubble is proportional to the number of observations and represents one occupation in
the US (left) and the (UK). The x-axis displays the mean in the first survey wave end of March and
the y-axis in the second survey wave beginning of April.
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